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Language Pair| Training| Test User Information L |dentify Users
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Table 1: Tweets distribution for training and test set. I Tokens Nepali-English(%) Spanish-English(%)
| | | | 1l o words 1.39 3.54
| S char-2 52.01 52.21
Tag Nepali-English Spanish-English In-lab annotations char-3 33.36 40.36
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Mixed 0.08 0.60 0.04 0.03 _ _ Annotate Tweets  Giu. Table 3: N-gram overlap across language pairs.
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